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A PHOTOVOLTAIC SYSTEM SHORT-TERM POWER INTERVAL
FORECASTING METHOD

Zhang Na', Wang Shouxiang’, Ge Leijiao’, Wang Zhihe'
(1. College of Electric Power , Inner Mongolia University of Technology , Hohhot 010080, China;
2. Key Laboratory of Smart Grid of Ministry of Education , Tianjin University, Tianjin 300072, China)

Abstract: At present, the prediction of PV output power usually adopts point predicting model. For the strong randomness
and volatility of the PV output power, the interval forecast method is more meaningfully. In this paper, an interval forecast
model for PV short-term out put power based on similar day fuzzy information granulation and FIG-Elman is proposed.
Firstly, the similar days are selected from the original sequence, and then the data are decomposed into the upper and
lower bounds of the prediction interval by fuzzy information granulation. At last, the Elman neural network is used to
forecast the upper and the lower bounds, respectively. Finally, an interval prediction model is established by combining
Elman. The interval forecasting method is built. Simulation results show that the proposed method has higher prediction
accuracy and the practical value.

Keywords: photovoltaic system; interval forecasting method ; randomness ; Elman; similar day



