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Fig. 4 Fault identification of variable pitch of A1 WT
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FAULT ANALYSIS OF WIND TURBINE PITCH SYSTEM BASED ON

MACHINE LEARNING

Xiong Zhongjie, Qiu Yingning, Feng Yanhui, Cheng Qiang

(School of Energy and Power Engineering , Nanjing University of Science and Technology , Nanjing 210094, China)

Abstract: To solve the problem of timing belt fracture in pitch system, feature signals are mined from large amounts of

SCADA data by the analysis on the working principles. The signal data are processed by principal component analysis

method next, retaining the timing information. Finally, the Gaussian kernel support vector machine is used for machine

learning, which achieves the intelligent detection of the fault. The results show that the method can diagnose the fracture

fault of timing belt accurately, and the accuracy of the fault detection algorithm can reach 98.8% , which proves the

extensive applicability by checking the data from multi wind turbines. Furthermore, the study provides a useful tool for the

development and management of the future wisdom wind field.

Keywords: wind turbine; fault diagnosis; PCA; kernel SVM; SCADA data; pitch system



