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FORECASTING PHOTOVOLTAIC POWER BASED ON QUADRIC
SELF-ADAPTIVE SVM MODEL

Yin Hao, Chen Yunlong, Meng Anbo, Lin Yicheng
(College of Automation, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: To make up for the defect of the traditional similarity function in the fuzzy clustering, a new function called
improved gray-Euclidean distance is proposed, and then the history day samples are divided into several categories.l n
view of the complexity of photovoltaic power data, the paper decomposes it into the trend term and the detail term based
on the respective advantages of wavelet transform (WD) and ensemble empirical mode decomposition (EEMD) , then the
quadric self-adaptive SVM model is first employed in the paper, forecasting and modeling the data sequence respectively.
Finally, the forecasting model is verified by the field data of a PV generation system in Oregon of America. The research
results show that the proposed forecasting model possesses high accuracy, proven feasible and practical.
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