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Table 4 The results of real-time prediction with different models (%)
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REAL-TIME PREDICTION FOR WIND POWER BASED ON
EEMD DENOISING AND THEORY OF SPA

Yang Mao', Chen Yulin', Wei Zhicheng’

(1. School of Electronic Engineering , Northeast Electric Power University, Jilin 132012, China;
2. State Grid Anhui Maintenace Company , Hefei 230061, China)

Abstract: The nature of wind power prediction is to grasp the change law of wind power accurately. However, most
forecasting methods at present have ignored the impact of noise on grasping the variation of wind power. Therefore, this
paper presents a method of real-time prediction for wind power based on EEMD denoising and improved rank and set
pair. At first, EEMD is used to decompose the wind power time series, and the wind power sequence is decomposed into
finite number of IMF component and a trend component. Then, the high frequency IMF component who have less
correlation with the original sequence is regarded as the noise, the rest of non-noise IMF component and trend component
is reconstructed as new sequence who hasn’t noise. Finally, the rank and set pair prediction model is used to predict the
new sequence. When we establish the rank and set pair prediction model, the influence of amplitude of wind power for
the connection degree building is considered, so the connection degree built is improved. The data of three different wind
farms with different installed capacity is used to implement simulation experiment, the results show that the proposed
approach has superior prediction performance and good universality.

Keywords: wind power; real-time prediction; EEMD de-noising; rank and set pair analysis; connection degree





